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The Study of a Motorcycle Motion Choice Model in
Mixed Traffic on the Approaches of Intersection — Based
on Logistic Regression and Neural Network Models
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Abstract

Past research motorcycle motion behavior, the observed range and more to the road sections
in the main, however motorcycle at high speed in the stretch of road less easily observed the
motorcycle real driving behavior, so the only motorcycle in the low-speed and road conditions
interfere with more of the situation, the special motorcycle driving behavior occurred significantly.
The literature for the logistic regression, and neural networks in the transport sector, most of the
application of forecast accident occurring causes and extent of injuries or vehicle and license
plate detection, and less use to investigate traffic behavior and prediction of vehicle routing,
therefore, this study attempts to choose the logistic regression, and neural networks to predict the
motorcycle routing, and compare the two methods of prediction rate. In this study, based on the
above point of view the decision to near the intersection and the red signal conditions, and
description of the motorcycle to promote the concept of lattice behavior, and finally consider the
space of the motorcycle around the territory of the psychological factors effect, build a model of
motorcycle movement to promote behavior in real traffic.

The model results show that the sphere of influence of the motorcycle to change the direction
of the motorcycle in front of the right and the right front of the main; traveling under the
conditions of this study on behalf of the motorcycle will be observed that these three areas,
whether there are other vehicles will affect the car, and then decide the next step of advancing
behavior; means the motorcycle as the front and right in front of the advancing direction of the
possibility of higher; and use the logistic regression to predict the motorcycle path prediction rate
of 86%, the other hand, neural network prediction was 89%, so the use of neural network to
predict the motorcycle path better results. In this study, the neural network model used to predict
the motorcycle drill gap behavior, the prediction rate of 90%. The result is better than logistic
regression prediction rate (83%). If you dismiss the special driving behavior due to psychological
factors of the driver, then use the neural network model to predict motorcycle drill gap does have
its feasibility.

Keywords: Motorcycle movement advancing mode, Lattice, Territory effect,
Multiple logistic regression, Neural network
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